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Abstract: A new discrete susceptible-exposed-infectious-recovered (SEIR) epidemic model is pre-
sented subject to a feedback vaccination effort involving two doses. Both vaccination doses, which are
subject to a non-necessarily identical effectiveness, are administrated by respecting a certain mutual
delay interval, and their immunity effect is registered after a certain delay since the second dose.
The delays and the efficacies of the doses are parameters, which can be fixed in the model for each
concrete experimentation. The disease-free equilibrium point is characterized as well as its stability
properties, while it is seen that no endemic equilibrium point exists. The exposed subpopulation
check for is supposed to be infective eventually, under a distinct transmission rate of that of the infectious
updates subpopulation. Some simulation examples are presented by using disease parameterizations of the

Citation: De la Sen, M.; COVID-19 pandemic under vaccination efforts requiring two doses.

Alonso-Quesada, S.; Ibeas, A.;
Nistal, R. On a Discrete SEIR
Epidemic Model with Two-Doses

Keywords: discrete epidemic model; delayed feedback vaccination control; vaccination doses;
COVID-19 pandemic

Delayed Feedback Vaccination

Control on the Susceptible. Vaccines
2021, 9, 398. https://doi.org/
10.3390/ vaccines9040398 1. Introduction

Typical formulations used to describe epidemic models are based on either differential
or difference equations. In that way, the basic reproduction number and its physical and
biological insight are discussed in [1] which is related to pertussis and measles descriptions.
In addition, feedback vaccination laws have been developed using techniques such as
sliding-mode control or linear or impulsive feedback vaccination [2,3]. The transient
evolution of epidemic diseases is also an important issue for properly describing the day-to-
day time-transmission levels and the appropriate eventual interventions to perform since
the stability properties are more related to the stationary states, typically the disease-free
and the endemic ones. For instance, in [4], an analytic methodology is given to predict and
monitor the dates of maximum hospital occupancy of beds. The differential and difference
models have also been corrected with other powerful analysis techniques. In that way, the
bifurcation analysis and the stability of a fractional order susceptible-infectious-recovered
(SIR) epidemic model with delay has been discussed in [5]. On the other hand, discretized
and discrete-time epidemic models have been proposed in the background literature.
The different approaches can basically consist of the discretization of continuous-time-
based models by numerical methods or in the development of discrete models based in
difference equations. See, for instance, [6—-12] and some of the references therein. It turns
out that since the relevant time of the dynamics evolution in epidemics is relatively long,
conditions of the Creative Commons _tyPically for instance, on the orders of days or weeks, discrete-oriented epidemic models
Attribution (CC BY) license (https;/;  can be found to be appropriate for describing and monitoring the infection evolution
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model has been proposed as appropriate for the Ebola disease. On the other hand, a
multistaged SIR was discussed in [7]. Such a model considers several coupled layers of
infectious subpopulation for a coupled disease transmission from each layer to the adjacent
ones. Moreover, discrete susceptible-infectious-recovered-susceptible (SIRS) models have
also been studied in heterogeneous networks [8]. The vaccination effort can be considered
either as an external forcing term or as a generator of a new subpopulation, the so-called
vaccinated one. Such a subpopulation becomes dynamically coupled to the remaining
ones in the model rather than as a specific forcing control [9]. Other types of epidemic
models, such as, for instance, discretized susceptible-infectious-recovered (SIR)-type ones,
or susceptible-infectious-susceptible (SIS)-type ones, have been proposed in [10-13] and
some of the references therein.

Recently, a lot of research is being dedicated to studying and monitoring the new
COVID-19 pandemic using registered data, like infection and detection tests, hospital bed
occupancies, and mortality-related records. Normally, such data are updated in discrete
time, typically, day to day or week to week. Therefore, discrete epidemic models have been
found appropriate for processing such data. See, for instance, [14-36] and some related
references therein. Studies on particular data for different countries or regions can be found
in the literature related to COVID-19, sometimes related to public interventions, such as
quarantines, isolation measures, lockdowns, use of masks, social distance rules, etc. See,
for instance, those concerned with Saudi Arabia [16,17], Madrid capital town, metropolitan
area and surrounding administrative area [18,19], India [23,24], Italy [25], United States [26],
Canada and several of its provinces [28], Switzerland, [29], Brazil [30], etc. In addition, the
analysis of data has been sometimes accompanied with mathematical analysis techniques
on the pandemic evolution related to public interventions or mathematically founded
analysis of the obtained data. In that way, the impact of lockdowns is investigated in [17],
while the effects of total or partial quarantines are investigated in [18] for a SEIAR model,
which incorporates the asymptomatic subpopulation to the typical SEIR model by consid-
ering the isolated population as removed either from the infectious individuals or from the
susceptible ones. In [19], a more general model of potential usefulness in the description
and monitoring of COVID-19 has been proposed, discussed, and tested with recorded
real data. Such a model includes three different infectious subpopulations, namely, the
slightly infections, the hospitalized ones and the ones staying at the intensive care units
are considered. On the other hand, the implementation of control rules oriented either
toward reducing the number of exposed individuals or toward increasing the number of
treated individuals is proposed and discussed in [20] while impulsive optimal control tech-
niques are developed in [21]. In particular, the analysis technique proposed in [20] relies
on the fact that the epidemics is endemic. In [23], the inadequacy of the implementation
of open-loop (i.e., without using feedback) controls is emphasized contrarily to the use
of closed-loop controls like, for instance, sliding mode-based control or other feedback
laws. Moreover, it has been proved in [27] that the suppression strategies are appropriate,
provided that they are sufficiently strong while taken through prompt decisions, whereas
the mitigation strategies can fail because of eventual unfavorable combinations of delays,
unstable dynamics, and uncertainties in the model.

This paper proposes and investigates a new discrete SEIR model subject to a linear
two-stage delayed feedback vaccination effort having in mind that some of the recently ap-
proved vaccines for COVID-19 require two doses for increasing their average effectiveness.
Such doses are administered to the susceptible subpopulation with a delay period, and
their potential benefits on immunity appear several days after the administration of the
second doses. In fact, the model considers the injection of two doses with different delays
and eventual average different effectiveness. The proposed model considers also that the
exposed have a transmission rate exposed-susceptible which may be eventually distinct
from the infectious-susceptible transmission rate. The underlying idea is that in some
infectious diseases, such as, for instance, in the COVID-19 pandemic, there are contagions
from both exposed to susceptible and from infectious to susceptible. The delays of the



Vaccines 2021, 9, 398

30f26

vaccination and expected achievable immunity as well as the transmission rates are model
parameters which can be updated for different experiments, [37-39].

The paper is organized as follows: Section 2 is devoted to present the new mentioned
proposed discrete susceptible-exposed-infectious-recovered (SEIR) epidemic model with
delayed double-dose linear feedback vaccination. Section 3 discusses the non-negativity
and boundedness of the solution under any given finite non-negative initial conditions,
as well as the existence and components of the disease-free equilibrium point and its
stability properties. It is also proved that the endemic equilibrium point does not exist
for the proposed model in Section 4. Section 5 presents and discusses some examples of
the proposed model related to the evolution of the COVID-19 pandemic. Finally, a set of
illustrative concluding remarks ends the paper. Some auxiliary technical results are proved
in Appendix A which are supported by general necessary mathematical results given or
proved in [40-44].

2. The Discrete SEIR Epidemic Model Subject to Two Vaccination Doses

Note that the rationale of the sampling period interpretation is unity, typically one
day or one week for a correct practical use of the model. The model parameters should be
expressed in values of dimensionality being the inverse of the sampling period units. The
SEIR epidemic model equations may be rewritten equivalently as follows:

Skr1 = (ax — Brlx — BLEk) Sk — Vok—dy, — Vik—dy—d 1)
Exi1 = (1 — p)Ex + (Brlk + BiEx) Sk )

Iiy1 = (1 —7)Ix + pEg ®)

Rip1 =Rk + 7k + Vor—a, + Vig—a,—d, 4)
Vok—d, = Kk—a,025k—d, )

Vik—d;—dy = Kk—d,—d,015k—d; —d, (6)

for any integer k € Zy; = Z, U {0} and any given finite initial conditions S > 0, Ey > 0,
Ip>0and Rg > 0and Sy = Ex = I, = Ry =0fork € Z_, where S, E, [ and R are the
susceptible, exposed, infectious and recovered subpopulations, respectively. The forcing
terms of Equations (5) and (6) are the two doses of vaccination on the susceptible which are
generated via linear feedback and which are subject to integer delays d; + d; (first dose)
and d, (second dose), respectively, with respect to each current sampling instant, where
min(dy,dy) > 0. In the above model:

- ay is the average recruitment rate proportional to the susceptible at the kth sampling
instant related; for instance, to the rates of births and a is a constant reference value
for the above sequence; for instance, its average over the whole time period under
study and typically it might be unity.

- Br and B are, respectively, the average transmission rates of the infectious and
exposed subpopulations at the k — th sampling instant.

— 7 is the average recovery rate.

—  pis the average incubation rate.

—  Kj is the vaccination rate (a feedback control gain) which can be eventually depending
on the sampling instants. It is assumed in the sequel that {Ky };” C [0, 1].

- p1, p1 + p2 are parameters in (0, 1] which quantify the average effectiveness (or
efficiency) of the respective doses. In particular, p, gives the extra effectiveness
obtained from the injection of the second dose. In this context, p; + p2 € [0, 1]
and p; + p2 = 1 refer to the ideal situation, unattainable in practice, of 100 percent
effectiveness of the combined injection of the two doses. Note that oy = py =
p1 + p2 = 0 refers to the worst case where the vaccination is fully superfluous.

Typically, we can consider two different transmission rates for the exposed and in-
fectious since the exposed are not usually identified to be allocated under quarantine or
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isolation, and furthermore, it has been argued that the infective periods are, in general,
of distinct time length for both stages in the case of COVID-19 pandemic. It turns out
that these transmission rates can be time varying, in general, since the transmission rates
can depend on the intervention measures and on the social customs in the geographic
area under study. Note that, even if the vaccination is performed under the same gain K
for both doses, it can be considered that the effectiveness if only the first injected dose is
smaller than if both of them are injected. Therefore, it can be typically argued that p, > 0
leads to p; 4+ p2 > p1. It can also be pointed out that the proposed discrete-time model
corresponds to the backward Euler discretization on the continuous —time SEIR model
given by:

S(t) = v(t)S(t) — (B'L(t) + BE(£))S(t) = Vi/(t —di — da) = V2! (t — d)

R(t) = YI(t) + V' (t —dy — dp) + Vo' (t — dy)
whose discretization is given by

Sk+1 = Sk + hSp — (W' Iy + hB'°Ex) Sk — hVix g, —a,” — MVox—a)'

= (14 hv)S — (hB'Ix + hB Ex) Sk — WV j—ay—ay” — WVo—ay’

Exy1 = Ex = h'Ex + (W' I + hB"*Ex) S = (1 — hpt' ) Ex + (hB' T + hp'°Ex) Sk
Ljr = L + ' Ex — by I = (1 — hoy') I + hp' Ey,

Riy1 = Re+hy'1(t) + WV g, —a,' +hVoy_a,

so that the discretized and the proposed discrete-time model are equivalent if the following
correspondence is performed

ap =1+ hy

ﬁ — hﬁ/,ﬁe — h'B/E

Vik—di—dy = "Vik—dy—dy » Voj—dy = Wok—a,’
p=hy',y=hy

However, the model is originally set up in discrete-time instead as the discretization
of a continuous-time one. One of the daunting challenges to counteract the epidemic
spreading is the design of the vaccination functions. The control theory provides a frame-
work to systematically design them in order to fulfill with a prescribed control objective.
Thus, an output feedback approach is adopted in this work and discussed in the sequel.
However, control theory has developed many analytical tools that allows one to face this
problem by using other approaches such as state feedback and feedback linearization [2],
output-controllability [19], optimal control [21], impulsive control [22], sliding mode [23]
and lockdown and quarantine [18,28], to cite just a few.

The model (1)-(6) may be compacted after replacing the vaccination controls (5)-(6) in
the susceptible and recovered subpopulations dynamics, which result in:

S+1 = aSk — K(02Sk—d, + 01Sk—d,—d,) + Uk ()

Exy1 = (1 — p)Ex + (Brlk + BrEx) Sk ®)

Leyr = (1= 7) I + pEg )

Riy1 = R+ vIx + K(02Sk—a, + 01Sk—dy—a,) — Sk (10)
g = [a — a — Pr(Ix + ALEx)]Sk + gk (11)

gk = (K—Ky_4,)p2Sk—a, + (K — Kk—g,—d,01) Sk—dy —d, (12)

for any integer k € Zy, where A} = B}/B; and K and a are reference values for the
vaccination rate gain and recruitment, for instance, the estimated average values of their
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asymptotic limits if they converge. In particular, a scalar discrete function of the form of the
susceptible subpopulation (7) is discussed in detail in Appendix A from the points of view
of stability and convergence to a limit. Those auxiliary results based on a similar discrete
Equation (7) subject to (11) are then used to discuss the stability of the proposed epidemic
model.

3. Non-Negativity, Stability and Disease-Free Equilibrium Point

The following result which relies on boundedness, convergence and non-negativity of
the solution is direct by summing up (7) to (10) (or (1) to (4)) by considering (7) to (11) (or
(1) to (6)):

Theorem 1. The following properties hold:
(i) Assume that No = So + Eo + Iy + Ro = 1. Then, the total population Ny = Sy + Ep + I +

Ry =1,Vk € Zy; ifak =1
.. k—1
(11) Ny =1+ Zj:O (a] — 1)5]',‘ Vk € Zy,

(iil) {Sk}r is non-increasing, and then bounded and convergent, if

Vaoj—dy + Vij—dy—dy, = Kk—a,02Sk—d, + K—d,—a,01Sk—dy—d, > (ak — Bx(Ix + ALEx) —1)Si; Vk € Zo (1)

leading to

1+ S, Zj:; (aj—1) < Ne <145 2;:3 (aj —1); Yk € Zpy, (14)

and, if the average value of the sequence {ay } ;- is unity, then there exists the limit klim Ny =
—» 00

No = 1. {Sk}r is strictly decreasing if the inequality in (13) is strict.
(iv) {Sk}r is non-negative if and only if

Vaj—dy + Vik—dy—d, = Ki—ap02Sk—d, + Kk—dy—d,01Sk—dy —d, < (ax — Br(Ix + ALEk))Sk ; Vk € Zo (15)

provided that the infectious transmission rate is sufficiently small according to By <

Vk € Zy which is guaranteed if B < W,’ Vk € Zy,.

(v) Assumethat y € [0, 1), v € [0, 1) and that (15) holds. Then, any sequence trajectory
solution of (1)—(4) subject to (5)—(6) is non-negative.

ak .
L+ALE”

Proof. If aqp = 1, Vk € Zy, then Ny = So + Eog + Ip + Rop = 1 implies directly that
Ny = Sy +Ex+ Ik + Ry = No = 1, Vk € Zyy by summing up (1) to (4). The same
calculations prove Property (ii) in the general case. To prove, Property (iii), note from (3)
that, under the given constraint, {S k},‘?’zo is non-increasing so that (14) holds directly from
Property (ii) since:

Vok—d, + Vik—q,
Sk

Bt _ ax — Br(Ix + AEx) — —B < 1; Yk € Zos (16)

Sk

Note that {S; };-, is also bounded and convergent since it is non-increasing and its

initial condition is finite by hypothesis. Property (iv) follows directly by replacing (15)
. . a . a

with (1) subject to Sy > 0 and to By < m (guaranteed if B < OT’]E)N}(); Vk € Zy,
since Vi, > 0; Yk € Zyy. If, addition, y € [0, 1), v € [0, 1) then from (2)-(4) and
{Sk};ozo C Ropy =R U {0} yields {Ek}zozo C Ry, {Ik};ozo C Rpy and {Rk};ozo C Ry,
since the initial conditions of all the subpopulations are non-negative. Property (v) is
proved. [
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Remark 1. The non-negativity property of the susceptible of Theorem 1 (iv) is a necessary constraint
for a well-posedness of the model Note that the condition of sufficiently smaller transmission rate
of the Infectious By < W Vk € Zyi, which guarantees according to Theorem 1 (iv)

that the sequence of susceptible is non-negative if So > 0 and the vaccination satisfies (15), is
reasonable since the transmission rate decreases as the total population increases in the popular class
of true-mass action epidemic models. The property of the susceptible sequence being non-increasing
[Theorem 1 (iii)] describes appropriately the disease growing since it starts until its first maximum
peak.

Remark 2. It turns out the need of the assumption {Ky}y C [0, 1] for the vaccination gain
sequence since the daily vaccination (or, in general, the one for the used sampling period in the
model parameterization) is proportional to the susceptible subpopulation. Therefore, note that the
condition (13) for {Sy };-_, to be non-increasing requires the necessary condition:

P25k—d, + P15k—d,—a, = (ax — Br(Ix + AL Ex) — 1)Sk; Vk € Zo4 (17)

to be fulfilled by the vaccination gain unity, which is the maximum possible one, provided that
the existing stock vaccines covers such a need. Note that the above condition always holds if
{Sk} g is non-negative and ay < By (Ix + ALEx) + 1; Vk € Zoy and it also holds if {Sy} is
non-negative, ay > P (I + ALEx) + 1; Vk € Zo.. This second condition is guaranteed by under
unity vaccination gain:

(o1 + p2)min(Sx_g, , Sk—4,—d,)
(ak — ,Bk (Ik + )\]ecEk) — 1)Sk

> 1;Vk € Zo., (18)

min(Sk dz + Sk—dy - '7’2)

In practice, is slightly greater than unity if the susceptible sequence is
decreasing since di and dl kA dy are typically delays of one and three weeks, in the case of SARS-
CoV-2 which do not affected significantly the variation of the susceptible population levels. In
addition, ay — By (I + ASEx) — 1 is typically close to zero for small infection levels compared
to the susceptible population values. Therefore, for reasonable vaccine efficacies, (18) holds if
ax > ‘Bk(lk + /\iEk) +1,Vk € Zy,.

Note that the condition (15) for the susceptible sequence { Sy }-_ to be non-negative requires
the necessary condition to be fulfilled by some maximum possible vaccination gain rate K < 1 (since
this feature would ensure that it holds for any lower effort as well), that is,

(ﬂk — ,Bk(lk + )‘iEk))Sk > 0; Vk € Zy4 which holds if Sy > 0 if By <

' Vk € Zy.

ag .
AE, VK € Zoy

which is guaranteed if By < W
The existence of a disease- free equilibrium point is discussed in the subsequent result:

Theorem 2. Assume that p1 +p2 <1, B < ka%(guamnteed if B < W) Vk € Zy,,

{ag}io — a(< 1), {Kx}io(C [0, 1]) — K and assume also that the constraints (13) and (15)
T
hold. Then, there is a disease-free equilibrium point xz5 = (Sdf, 0,0,Rgr = Nyp — Sdf) , being

in general dependent on the initial conditions, with Sgy > 0 and Ryr = Ngr — Sgp, where
{Nk};ozo — Ndf/ such that Sdf =0if K#

a
p1t+p2°

Proof. Note that {Kj};2,(C [0, 1]) — K implies that K € [0, 1]. Note also that E;¢ = 0
and I;r = 0 are trivial solutions of (2) and (3) if {Sk}ry is bounded. It follows furthermore
that {Si} ., is non-increasing and bounded from Theorem 1 (iii), {ax};_o — a(< 1) and
(13) holds. As a result, if furthermore, (15) holds then {S;}Zo(C Rot) — Sgf(> 0) with
Sif = 0if K # subject to the assumed constraint p; + p, > 1 since K € [0, 1]. Note
that

a
p1tp2

Nyi1 = @Sk + Ex + It + Rg = Ni + (ap — 1)S¢ (19)
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fly) =

sup
0e(0,2m)

implies that Ny — Ny = (ax —1)S and {ax}_, — 1 implies that {N;};” — Nys and
{Rk};ozo — Rdf = Ndf - Sdf since {Ek};o:() — Edf =0 and {Ik};;ozo — Idf =0.0

The subsequent result gives conditions for both the infection and the susceptibility to
asymptotically vanish implying convergence of the solution to a disease-free equilibrium
point without susceptible individuals. Some supportive auxiliary results used in its proof
are given in Appendix A.

Theorem 3. Assume that the constraint (15) holds, so that any solution sequence is non-negative
for non-negative initial conditions. Assume also that the first assumptions below, and, furthermore,
at least one of the assumptions 2 to 5 below also holds:

1) welol),yel0l),pp+p <1 K < I}(f% (quaranteed if B < ﬁ

vk € Zoy, {mifilo 2 a(< 1), {Bidio = B, {Mihily = A% {KihiZo — K.
(2)  Either the constraint (13) holds with strict inequality for all k € Zy, and K #* P1-7-P2'
(3) K e (0, min(K, 1)), where:

_ a—1 1+a
R = , <1 20
sup{y€<pl+p2 p1+p2> y< /f(y)} (20)

);

J

(02(cos(8da) — 1) + p1(cos(8(dy + da)) —1))* + (p2sin(6dy) + p1sin(6(dy + da)))? 1)
1+ (a = (o1 + p2)y)* = 2(a — (o1 + p2)y)cosb
and
(K = K| = o([1 %/l ); lax —al = o( 12 7") (22)
where J?k = (xk, Xk—1r++ s Xk—dyr- - - ,xk,d],dz)T.
—i0d, —i0(dy+dy)
(4)ac(0,1), Ke |01/ sup |22 ——L0C (23)
6e[0,27) er —a
and (22) holds.
(cl_dl - a) 1
5)ac(0,1),Ke |0, ——F— 24
G)ac @) T @

Then, there exists a globally asymptotically stable disease-free equilibrium point xzr =

T co
(0, 0,0, Rdf = Ndf) and {Nk}k:() — Ndf-

Proof. The above assumptions 1 and 2 guarantee that {Sy};-, — 0, and that {S;};”
is bounded, from Theorem 1 and Theorem 2 for any given non-negative finite initial
conditions. Note also that, from (2) and (3), {Ex};—y — 0 and {I};-, — 0 since y € [0, 1)
andy € [0, 1).

In addition, any of the assumptions 3 or 4, together with the properties {E};- o — 0
and {Ix};_, — 0 guarantees that {Sx};>, — 0, and {Si};>, is bounded, for any given
non-negative finite initial conditions from Theorem A1 [(i)—(ii)] and Corollary Al of
Appendix A. The same result also holds under the assumption 5 according to Theorem A3
(i) of Appendix A.

T
Thus, the disease-free equilibrium point x47 = (0, 0,0,Rar = Ny f) exists under the
joint assumptions 1 and 2 and under the assumption 1 jointly with one of the assumptions

3 to 5. Now, note that
Since { ‘BkSk};Zo:O — BS4r = 0, Equations (2) and (3) can be compacted as follows:
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|

Exi1
I

|

[ 1—p+ALBkSk BiSk H Ei }

iz =y ]| I
(11— u—+ /\E,BSdf ,B'Sdf ] [ Ex :| n ﬁ(AiSk — )\ngf) ,B(Sk — Sdf) |: Ey :| (25)
2 L= ] Kk 0 0 I

0 0

R I R A e

| e Iy Ii

1—pu 187 | ismax(1—p, 1—7) <1
since p € [0, 1) and 7 € [0, 1) and the above matrix is a convergent matrix. Since there is
some matrix norm of arbitrary close value to the spectral radius there exist some positive

]
[

In addition, since {BySk}r-o — BSif =0 and {Ai}?:o — A® and a decreasing nonnega-

Note that the spectral radius r of the matrix [

real constants ¢ < dp — 1+ min(y, y) and r < §y < 1 such that < .

[e9)
tive real sequence {41y }4_o — 0 having a strictly decreasing subsequence {51 N, } -0

such that for any given 51N”k’ there exists a non-negative integer Ny, such that

BASK  BSk
0 0
increasing. Thus, one gets from (25) that:

< &N ] = Nug Nyga, oo, Ny -1 such that {Nnk}zozo is strictly

En, ., | N1 ~Nu ||| EN, M —1—j
‘ l INnk+1 <6 k+1 k I k +51Nk Z 5Ok+l ]; ke Zos (26)
M1 | g j=ng
E o
so that { [ IN"k ] ’ } has a strictly decreasing subsequence which converges to zero
N,
" k=0

for any given finite non-negative initial conditions. In view of (2)—(3), that property
also implies that {E;};>, — 0 and {I};_, — O for any given non-negative finite initial
conditions and then (25) is globally asymptotically stable. Since it has been already proved

T
that {S;};—y — 0 then x4 = (O, 0,0,Ryr = Ndf) is globally asymptotically stable and
{Nk}zo:() — Ndf- ]

The next result gets condition for which the stationary model has a stable infective
substate, irrespective of the susceptible being zero at the equilibrium point or not. It is
found that there exists a critical transmission rate under which the stationary substate of the
infective model is globally asymptotically stable. Under the extra conditions from Theorem
3, the critical transmission rate becomes infinity since the susceptible subpopulation is
zero at the disease-free equilibrium point. As a result, the disease-free equilibrium point
is globally asymptotically stable for any value of the transmission rate, and there is no
endemic attractor.

Theorem 4. Assume y € [0, 1) and v € [0, 1). Then, the stationary infective substate (25)
has stable characteristic roots if p € [0, Bc ), where B = 5 50 that it is globally

Hy
(A7) Sq
asymptotically stable.

In addition, if the conditions of Theorem 2 hold with K # Plj‘ oy then Be = +oco.

The stable solution sequence is guaranteed to be, furthermore, non-negative for any non-
negative finite initial conditions if all the conditions of Theorem 3 hold.

Proof. If {BSi}iy — BSap =s and {A¢}” , — A°, then the characteristic Equation of
(25) is:
A 4+bA+c=0 (27)
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where
b="0b(s) =pu+7—(2+A%) (28)

c=c(s)=(1—pu+A%)(1—79)—upus (29)

Note that b(0) = p+ vy —2 < 0and ¢(0) = (1 —pu)(1 —) > 0. The coefficients
of the polynomial defining the characteristic equation for s = 0, ordered in decreasing
order, have two changes of sign. According to Descartes’ rule of signs, such a polynomial
has either two or zero positive real roots. Note that by simple inspection or, equivalently,
according to the unforced part of (25), the characteristic Equation (27) has in fact two
positive real characteristic roots for s = 0 within the unit complex circle centered at zero
which are Ay =1 — p and Ay = 1 — 9. Now, by inspection, b(s) = b(0) — A°s < 0 for all
s > 0. It is now discussed a valid range of non-negative values of s which guarantees that
c(s) = ¢(0) + (A°(1 — ) — pu)s remains to be positive. Write by convenience s = H%\ZY'
Then, c(s) > 0if and only if é(¢) > 0, where: é(0) = (u+ A°y)c(s) = (u+ A%y)c(0) —
ouy(p — A°(1 —)) > 0 for any real oo if A° > u /(1 — 7) with the eventual negative real
values having no interest since s > 0 and, if A° < /(1 — 7) then é(c) > 0 if

e _ _ e -
peo HHAY (QA-p)(A-9)  pt+A%y (1 " 7+1>:1+%
p—A(1—17) wy pHAy=AC oy
for some real oy > 0. In both cases, that is, irrespective of A%, c(s) > 0if s = HTAZW and

o € [0, 1]. Since there are two real positive characteristic roots for s = 0 from Descartes
rule of signs (since b(0) < 0 and ¢(0) > 0) and since the characteristic roots are continuous

functions of the argument s and b(s) < 0 and c¢(s) > 0 for s = ”f/l\zv with ¢ € [0, 1],
one concludes that the characteristic roots are real (and positive) if s = BS;r < % It

remains now to prove that those real positive roots are within the open unit circle. The two
(real) within the complex open circle or radius unity centered at the origin of the complex
plane if and only if both roots of (27), subject to (28)—(29), are within the open unit circle
centered at zero in the complex plane, namely if and only if:

1 — e ) — e 2 — — e —
_q </\1’2: 2—p—y+A si\/(2 1 7+A2s) +4(pus—(1—p+A%s)(1—7)) <1 (30)

equivalently, if and only if,

Ay — A% —4< —\/)\‘52524- (v — 1)* + 4us + 2A°s(y — p)

(31)
< \//\‘32524- (’y—y)z+4ys+2/\es(’y—y) <pu+y—A%
equivalently, if and only if,
\//\6252+(W—ﬂ)2+4ﬂ5+2/\35(7—ﬂ) <min(p+y =A%, 4+ A% —p—q) = p+7— A’ (32)

since the last equality follows directly since j,y € (0, 1). Taking the squares in both sides
of (32) yields that it is equivalent to

A2 4 (y— )2 4 dps +20%(y — ) < AZS + (u+9)2 =20 (u+79) (33
and also equivalent to
(7 = 1)+ 4pas +22s(y — ) < (u+7)* =25 (p + ) (34)
and, furthermore, equivalent to

(v = 1)% +4ps + 47y < (u+17) (35)
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which holds if and only if

s = BSar < - f_‘zw (36)

Since s = pS4r > 0, the constraint (36) implies that the characteristic Equation (27) of

the stationary infective substate (25) has stable roots if f € [0, B, ), where B. = %
Now, assume that all the conditions of Theorem 2 hold. Since S;r = 0 if K # o T o
then B, = +o0 if K # —%— and the stationary infective substate (25) has stable roots if

p1t+o2
pel0 +oo).
In addition, any solution is non-negative for all time if (15) and assumption 1 plus any
of the four remaining assumptions 2 to 5 of Theorem 3 holds (according to Theorem 3).
Thus, the joint non-negativity and global asymptotic stability of the disease-free stationary
solution, under any finite non-negative initial conditions, are guaranteed for g € [0, +o0 )
since Sy = 0 (Theorem 3). [

Note that the Descartes rule of signs used in the proof of Theorem 4 is supported by
the fact that for s = 0 both characteristic roots are real, positive and stable, so that the
possibility of having no positive root is excluded by such a value of the argument s, and
the fact that the characteristic roots are continuous functions of s, so that they continue to
be within the positive region of the unity circle centered at zero as the argument increases.

Note also that the proposed model is claimed for its usefulness for short-term predic-
tions in the evolution phase when the disease is blowing up. It is neither considered that
vaccination is available for use nor that there is immunity lost allowing to increase again
the susceptible numbers after a certain delay. Therefore, the evolution of the susceptible
subpopulation is given by a decreasing sequence. It is now proved that the proposed model
does not have an endemic equilibrium point.

4. Nonexistence of Endemic Equilibrium Point

It is now discussed under which reasonable conditions an endemic equilibrium point
Xend = (Sends Eend(#0), Lpa(#0), Rend)T either exists or it does not exist. As a final
result, it is concluded that the endemic equilibrium point cannot exist.

Consider the following possible cases:

Case 1 (S,,; > 0). Combining (2) and (3) for stationary limiting model parameters
for an assumed to exist endemic equilibrium point leads to provided that E,,,; # 0 and

Send 7£ 0:

Iend = %Eend (37)
_ TH
Send = Gy ey > O (38)

which, replaced in (1) and after cancelling common factors with S,,,; > 0, results in the
resulting constraint:

Send = [a - .B(Iend + /\eEend) - K(Pl + pZHSend (39)

leads to K )

a—1—K(p1+p2
E. . — (40)

B A)
if

a # B(Lypg + A°Eeng) + K(p1 + p2) 41)
so that E,;; > 0 (and also I,,; > 0 from (37)) if and only if K < PT;,})Z <land 1 <
a<1+p+p <2 K= pfjr})z and1 <a <1+ p; +p; then E;;y = Iyg = 0 so that

the equilibrium point is, in fact, a disease-free one. By considering also the stationary
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recovered, one gets after cancelling the stationary recovered Ry,1 = Ry = R,y in both
sides of (4) that the subsequent constraint should hold:

7Iend + K(Pl +A02)Send = ;”Eend + K(p1 + PZ)Send =0 (42)

which contradicts that S,,; > 0 and E,,; > 0. As a result, no endemic equilibrium point
exists with S,,; > 0. Since (42) can only hold with E,,; = S.,; = 0 then, it only could
eventually be true for the disease-free equilibrium point. Thus, Case 1 is unfeasible for the
existence of an endemic equilibrium point.

Case 2 (S,,4 > 0). Note that (40) holds with, which includes also S,,,; > 0 of Case 1 if

a= ,B(Iend + AeEend) + K(p1 +P2) = IB<,;; =+ Ae) Eend + K(pl +P2) (43)

provided that

a— K(p1 + p2)

E, ;= 44

provided that

a
K < <lLa<p+ 45
o+ p1+ 02 (45)
with S,,,; = 0, and

B _a—K(p1+p2) (46)

L,,=YE . —
e Ty e T B+ yAY)

However, again, after cancelling Ry1 = Ry = R,;4 in both sides of (4), one gets that
the subsequent constraint should hold:

YIena + K(p1 +02)Send = #Eena + K(o1 + 02)Sena = 0 (47)

a
P1+p2
a disease- free equilibrium point. In this case, one also has that N,,,; = R,,,4. Thus, Case 2

is unfeasible for the existence of an endemic equilibrium point.

which implies that S,,,; = E.;;g = g = 0 (Which only holds if K = ), and it is in fact

Remark 3 (basic reproduction number). In biological terms, it is possible to re-interpret the
condition of asymptotic stability around the disease-free equilibrium point in terms of the basic
reproduction number, which indicates the number of secondary infectious individuals generated
from one primary infectious one, defined by

e
RZEZ By + AY)Sar (48)

Be wy
It turns out that R < 1 is exactly identical to B < B¢, that is, if the transmission rate is
smaller than its critical value B then, equivalently, the basic reproduction number is smaller than
unity. That asymptotic stability condition, in the two mentioned equivalent forms, are related to the
asymptotic extinction of the disease. It can be commented that such a condition is not related to the
transient disease evolution but to its steady-state which is the disease-free equilibrium in this case.

We can also to define a sample-dependent effective reproduction number as follows:

A7) S
B+ i) S ;7"7) K. kezy. (49)

Ry =
whose meaning and evolution should not be confused with that of the basic reproduction number.
This number can be greater than one at the beginning of the disease transmission (even if R < 1)
but Ry — R as k — co. Note also from (1) that Ry decreases faster (since Sy decreases faster) if
vaccination is programmed than in the vaccination-free case. The effective reproduction number is
usually periodically checked to elucidate the particular intervention measures to be taken depending
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on the disease transmission evolution. It can be also pointed out that R = 1 is related, in common
situations associated with epidemic models, to the confluence of the disease-free equilibrium point
with the endemic one while, for R < 1, the disease-free equilibrium point is unstable and the
endemic equilibrium point is an attractor for the solutions. According to the former discussion
in this subsection, this model, which is proposed for short-term predictions, does not evaluate the
influence possible endemic steady states of the disease so that the central discussion is related to the
case when R < 1.

5. Simulation Results

This section contains some simulation examples devoted to study the application of
the two-doses vaccination to counteract the spread of the COVID-19 pandemic. To this
end the case of Italy borrowed from [45], where the discrete-model dynamics is confronted
with actual data from Italy, will be considered. Thus, we have a discrete-time COVID-19
model serving as benchmark for the vaccination control. The model is parameterized by:

_oop= ool
ﬁ—O.Z,ﬁ—1'3,y—6,7 0.04

so that A° = 0.7692. The sampling time is one day so that the units of the parameters are
in days~!. The initial conditions are Sy = 0.9999, Ey = 0.0001, Iy = 0, Ry = 0 implying
that the total population is normalized to unity, without loss of generality. Notice that
almost all the population is susceptible and a small fraction of the population is exposed
at the beginning. The parameters of the vaccination are dy +d, = 21 daysand d, = 7
days; therefore, separation between the two doses is of two weeks. The values of the doses
effectiveness are given by p; = 0.66 and p, = 0.3 in such a way that the total effectiveness of
the two doses p = p1 + p2 is 96%, in accordance with the average effectiveness of available
vaccines. The natural recruitment rate is a = 1, since the natural growth of the population
may be rejected when it comes to the epidemic spreading description due to the small
number of children affected. The Figure 1 displays the dynamics of the model without
vaccination.

Populations
o
(9]

o
IS
T

time (days)

Figure 1. Dynamics of the model for COVID-19 pandemic.

It is remarkable in Figure 1 how the number of infectious reaches a peak at around
the 50% of the total population. Now vaccination is applied with a gain of K = 0.01,
corresponding to the 1% of the susceptible vaccinated every day. The vaccination is applied
starting at different moments of the epidemic spreading in order to observe the effect of
vaccination in the epidemic dynamics. Thus, Figure 2 displays the effect of vaccination
when it is applied since the beginning of the spreading.
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Populations
o
(%))

0 50 100 150
time (days)

Figure 2. Dynamics of the model when two-doses vaccination is applied from the beginning.

It is observed from Figures 1 and 2 how the application of vaccination reduces the
peak of the infectious while increasing the pace at which susceptible become immune,
as expected. In addition, the Figure 3 illustrates the effect of starting the vaccination at
different moments of the spreading ranging from the beginning, 29 days and 59 days
after the first day of simulation. It can be seen in Figure 3 how the effect of vaccination in
spreading is higher the sooner vaccination is applied when cases are detected. Thus, vacci-
nation is useful for preventing new outbreaks and reducing their severity. If vaccination is
applied when there is a relatively large number of cases among the population, the peak
is not reduced ostensibly. Figure 4 displays the values of vaccination actions V; and V,
corresponding to this situation. It is deduced from Figure 4 that the feedback vaccination
provides a lower number of vaccinated individuals when it starts at advanced stages of the
spread due to a smaller number of susceptible individuals. Therefore, this kind of action is
especially recommendable when the spread is at its initial steps. Figure 4 also shows that
vaccination V; has larger values than V, due to the differences in effectiveness defined by
the parameters p; and p;.

Finally, Figure 5 displays the dynamics of the model for different values of the vacci-
nation gain. As it could have been expected, the larger the vaccination action is, the smaller
peak is attained. Naturally, the reduction in the peak is achieved at the expense of a higher
vaccination effort as Figure 6 shows. It can also be observed in Figures 4 and 6 the effect of
delay in the control action, where a value of zero vaccination is provided during the first
days of simulation due to the delay.

05

Start time = 0 days

0.45 Start time = 29 days
Start time = 59 days

0.4

0.35 -

Infectious, |
o o
o = o ) o
= (5] N (& w
T T

4

=}

a
T

o

0 50 100 150
time (days)

Figure 3. Effect of vaccination starting time on the infectious.
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Figure 4. Vaccination actions corresponding to different starting times.
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Figure 5. Dynamics of the infectious for different values of the vaccination gain.
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Figure 6. Vaccination actions for different values of the control gain K.

Figure 7 shows the effect of changing the interval of time between the application of
the two doses. It is assumed that the effectivity does not change with the period in between
them. The vaccination gain K = 0.01 is used while the initial conditions are those indicated
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at the beginning of this section. Moreover, d, = 7 days and d; + d, range from 10 to 21 days.
It is observed in Figure 7 that if the second dose maintains effectivity regardless the dose
sparing, it is better to administer it as soon as possible. However, in the real world, the
effectivity of the second dose may depend on when this is applied. There are no data on
how the effectivity depends on the dose sparing or these are scarce, [46]. Therefore a more
accurate simulation on the effect of dose sparing is not carried out in this work.

0.25

—d1+d2 =10 days
_d1+d2 =14 days
02k _dl+d2:17days
_d1+d2 =21 days

0.15

Infectious

0.05

0 50 100 150 200 250
time (days)

Figure 7. Dynamics of the infectious for different time periods between the two doses.

Moreover, Figure 8 compares the evolution of the infectious when two doses with a
spacing of 14 days is applied (K = 0.1) in contrast of applying a single dose with a double-
vaccination gain (K =2 x 0.01 = 0.02). The Figure 8 shows that with respect to the evolution
of the infectious the administration of a single dose to a broader population alleviates the
peak of infectious in comparison to promptly applying the second dose in order to increase
the overall effectiveness of the vaccine. This behavior is behind the decision of the UK
government of prioritizing the first dose to as many people as possible while delaying the
second dose, [46].

0.25

double-dose
single-dose

02

0.15 -

Infectious,

I
-
T

0 . . . |
0 50 100 150 200 250

time (days)
Figure 8. Comparison in the evolution of the number of infectious between the administration of a
double dose (K = 0.01) or a single dose to a broader population (K = 0.02).

The basic properties of the model discussed in Sections 3 and 4 can also be corroborated
in the previous examples. Thus, the number of exposed and infectious always converges
to zero so that the model converges to the disease-free equilibrium point. This happens
because there is no endemic point for this model as discussed in Section 4. The Figure 9
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Populations
o
(4]

displays a longer simulation for the model with K = 0.001 and different initial conditions.
It is shown in Figure 9 that the model always converges to the globally-stable disease-free
equilibrium point given by S;r = Ejr = Iy = 0,Rzr = 1 and all the subpopulations
remain non-negative at all time. These properties are indeed guaranteed by Theorems 1
and 2 since y,y € [0,1) and § = 0.2 < 1.66 = max(lk_f%) is small enough; therefore,
(15) holds, and the model trajectory solution is non-negative according to Theorem 1 and
converges to the disease-free equilibrium point according to Theorem 2 since K = 0.001 #
1.04 = pli o In addition, Theorem 3 also ensures that the disease-free equilibrium point
is globally stable since Condition 1 from Theorem 3 is satisfied, Condition 2 also holds as
K = 0.001 # 1.04 = —— and Equation (13) holds as Figure 10 depicts. Therefore, the

p1tp2
disease-free equilibrium point is concluded to be globally asymptotically stable.

—S

—R 08

Populations
o
(52

Populations
o
(5]

. : . . )
' 0 50 100 150 200 250

) 150 200 250 time (days)
time (days)
1
s —s
—E 0.9 —E
| |
—R 08l —R

Populations

o o o o o

N w S (52 o
T T

o
[

50 100 150 200 250

o
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L 1
150 200 250
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Figure 9. Dynamics of the model for different initial conditions and K = 0.001.
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Figure 10. Satisfaction of Condition 3 from Theorem 3.

It can be pointed out that different alternative theoretic methods for stability analysis
of dynamic systems in the presence of delays can be found, for instance, in [47-49] and
some of the references therein.

6. Concluding Remarks

A new discrete SEIR model has been presented in this paper subject to two delayed
doses of feedback vaccination controls on the susceptible. It is also assumed that there exists
a transmission rate from the exposed to the susceptible and that the transmission rates
exposed-susceptible and infectious-susceptible may eventually be distinct. The second
idea is based on the knowledge that the later period in the asymptomatic incubation
phase of the infection in the COVID-19 pandemic is also infective as it is the first phase
of the infectious period. The first idea of using two vaccination doses is based on the
administration mechanisms of some of the recently approved vaccines for COVID-19. Such
two doses are applied with a certain interval, and the immunity effect is delayed in respect
to each current picked- up sample on the model, while it is also assumed that both doses
can have, in general, different effectiveness. It is assumed, in particular, that the second
dose has an incremental benefit on the injection of the first single dose. The effectiveness
degrees of both doses as well as the delays can be adjusted in the experimental tests since
they are model parameters. The non-negativity properties of the solution under finite
non-negative initial conditions, its boundedness and the disease-free equilibrium point
as well as its stability properties are also investigated. The non-negativity of the solution
can become lost for large-enough transmission rates, but it is kept for low and moderate
values of the transmission rates. The proposed model has been numerically tested through
numerical examples for COVID-19 parameterizations.
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Appendix A
Appendix A.1 Some Auxiliary Technical Results

Theorem Al. Consider the difference equation:
Xpy1 = axg — K(paxp—a, + 01%%—a,—a,) + i kK € Zoy (A1)

with p1,02 € R4+, a € R,K € R, nonnegative(integer) delays di > 0 and dy + dy > dy, and

initial conditions x_g,_4, = Xx_g, = 0 and xo € R and eventually subject to a bounded forcing

sequence {uy}r—o C R. Then, the following properties hold:

(i)  The unforced difference Equation (A1), i.e., if {ux}., = O, is globally asymptotically
stable, so that {x;} is bounded and {x;};>_, — O for any given finite xy € R, if K €

a—1 _ : 1+4a % : . o ..
(max( 1703 K), mm( Y K))and, in particular, K € [0, K) under the restriction

K € Roy = Ry U {0}, where:

K a—1 1+a ' .
K =su € , Yy <1/ }wzth :Ro+ — Roy defined by :
p{y (Pl +p02 P +p2) y f(y) f:Roy 0+ def y

(p2(cos(8da) — 1) + p1(cos(8(dy + da)) — 1))* + (pasin(6dy) + p1sin(8(dy + da)))?
1+ (a— (o1 +p2)y)* —2(a — (o1 + p2)y)cost

(ii) The unforced difference Equation (A1) is globally asymptotically stable for any given finite
x0 € R, so that {x;};_ is bounded and {x;};>_, — O for any finite xo € R, if |a| < 1 and

K€ (=K, K),were K =1/ sup pzeﬂgdztf;l_e;g(dﬁdz) .
0e[0,27r)

(iii) Assume that either the conditions of Property (i) or those of Property (ii) hold and that
{ug}iey — 0. Then, {x} is bounded and {x;};>_, — O for any given finite initial
condition x.

(iv) Assume that either the conditions of Property (i) or those of Property (ii) hold and that
{ug} o is bounded. Then, {xi} . is bounded for any given finite initial conditions.

Proof. By using the one-step-ahead and the one-step-backward operators g and g ! defined,
respectively, by gx; = x;,1 and g~ 'x;1 = x;, one can compactly rewrite (A1) as follows
by defining K; = Kp; and K, = Kpy:

(q —a+Kyg " + Kyg~ +‘12)) Xp = U (A2)
The characteristic equation of the unforced system (A1) is derived from the left-hand-

side of (A2) by taking into account the formal analogy between the z-transform operator
and the one-step-ahead one and also multiplying the result by the factor z#1+2 to avoid
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1> |K| sup
0e(0,27)

f(y) = sup
0e(0,2m)

the concourse of mixed contributions of the forward and backward operators. As a result,
the characteristic equation of (A2) becomes:

p'(z)= 20t (Z —a+ Koz % + Klz*(dﬁdz))
(A3)
=2 (g K Ko+ Ko (27 1) K (27 1)) =0

The polynomial p’(z) is stable if its zeros are within |z| < 1 and the circle is centered
at the origin of unity radius. In view of (A.3), since z*1*%2 has a zero of multiplicity d; + d,
in the center z = 0 of the open circle |z| < 1, the stability condition holds if

p() =z —a+Ki+ K+ K (272 — 1) + Ky (27 () 1) (A4)

has all its zeros in the open complex circle |z| < 1. Note that p; = K;/K(i = 1,2) so that
one gets from (A4) that:

p() = po(z) + p(z) (A5)
po(z) = z—a+ (o1 +p2)K; pz) = K(p2 (7" = 1) +p1 (=705 —1))  (ag)

is stable if —1 < a — (p1 + p2)K < 1 and if, in addition, |p(z)| < |po(z)| for any z € C on
the circumference |z| = 1, i.e., on the boundary of the circle |z] < 1: This follows from
the Rouché’s theorem of zeros [40-43], which establishes that if all the zeros of py(z) lie
in |z| < 1 (i.e., they are stable) and |p(z)| < |po(z)| on |z| = 1, which is trivially a Jordan
curve, then all the zeros of q(z) = po(z) + p(z) are also in |z| < 1 since g(z) has the same
number of zeros in |z| < 1 as pg(z). The condition |p(z)| < |po(z)| on |z| = 1 is identical
to the following implicit constraint:

0 (efiedz _ 1) + o1 (efiG(dlﬂiz) _ 1)

K" > sup - (A7)
0e[0,27) el —a+ (p1 +p2)K
after writing any complex number z with |z| = 1 as z = ¢ for some 6 € [0, 27). By

inspecting (A7), we note that, for 6 = 0, p(0) = 0 so that § = 0 may be removed from the
test (A7) so that by using cos(—6) = cosb and sin(—6) = —sin6; V0 € [0,277), we get:

J

(p2(cos(0da) — 1) + py(cos(0(dy + da)) —1))* + (pasin(8dy) + p1sin(6(d1 + da)))?

L LA (A8)
(cost —a+ (o1 + p2)K)” + sin“6

Then, Property (i) follows from (A8) combined with —1 < a — (p; + p2)K < 1, which jointly
ensure that the unforced difference Equation (A1) has the property that {x;};>, — 0 for
any finite xo by defining f : Ro; — Roy by

J

(02(cos(8da) — 1) + p1(cos(8(dy + da)) —1))* + (p2sin(6dy) + p1sin(8(dy + da)))?
2

(A9)
1+ (a— (o1 +p2)y)” —2(a — (p1 + p2)y)cosd

and by noting that sup{y € Roy :y < (1/f(y))} # @. The vaccination gain constraint is
simplified to K € [0, K) in the particular case that K € Ry, since the general constraint

a—1 : 1+a % : : 7 1—a : % a—1
K € (max(p]erZ, K), mln(pl+p2, K)) implies that —K < T that is, K > TR

; % at+l : a+1 el _ :
Since, furthermore, K < oY it follows that mm{ oY K} = K and if K € Rq; then the

vaccination gain constraint is simplified to K € [0, K). Moreover, {x;}-_, is bounded since
any convergent sequence is bounded. Since {x; };_, is bounded and {x;};-, — 0 for any
finite x( then the unforced difference Equation (A1) is globally asymptotically stable.
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To prove Property (ii), rewrite (A5) as p(z) = po1(z) + p1(z) where

po1(z) =z—a; p1(z) = K(pzz_d2 + plz_(d1+d2>) (A10)

By using the same arguments that those in the proof of Property (i), it is found that
the zeros of p(z) arein |z| < 1if -1 <a < 1and

pze—iedQ + ple—ie (d1+d7)

|I<|71 > sup
0e(0,2m)

i (A11)

after the replacement of (A7) by (Al1l). As a result, the unforced difference Equation (A1) is
globally asymptotically stable.

To prove, Property (iii), we first obtain from (A1) the following extended dynamic
system of dimension dy + dp + 1:

Rrp1 = ARy + 1 (A12)
subject to initial conditions x_; = 0fori=1,2,...,d; + dy, where
N T T
X = (xk, Xk—1r -+« s Xk—dyps - - .,xk_dl_d2> ; U = (uk, 0,...,0,.. .,0) (A13)

a 0...0 —Kpo 0...0 —Kp
. 1 0 0 0 0
A= . : - . (Al4)

0 0 0 10
First note that all the eigenvalues of A are stable under the conditions of either Property
(i) or Property (ii) since if {x;}; — 0 if {ug}pry = 0 then {&}2, — 0 if {#};oy = 0so

that the unforced discrete dynamic system (A12) is globally asymptotically stable. Now,
from recursive calculation using (A12), one gets:

k+N-1 )
fron = ANg+ Y AMNTIlgg kN € Zo, = Z, U {0} (A15)
i=k

If {ug}r_o — O then, for any given ¢ € R, there exists N = N(¢) such that ||4;|| =
luj| <& Vi(e Zp;) > N. Then, for some & € (0,1) such that the complex circle centered at

N

z = 0 of radius & contains all the eigenvalues of A, one gets:

€k
1-&

e | < MANH| £+ 37 MASN | < MaN ]| + M (A16)

for some (norm-dependent) real constant M > 1, for any given k € Zy, and any given

strictly decreasing sequence {¢x };>, C Ro4, with &9 = ¢, and some corresponding strictly

increasing sequence of integers { Ny}, such that Ny = Ni(gx). Since {e;};, — 0 and

aNe — 0 as k — oo then there exists the limit lim Rxin, = 0, s0 that limxg, y, = 0 as
k—o0 k—o00

well, if x is finite, and then {xk};ozo — 0 and, since this sequence is convergent, it is also
bounded. Property (iii) has been proved.

Property (iv) follows by noting that the first inequality of (A16) partially holds if
{ug}r, is bounded in the weakened form:

o) ki ~ N N MS R
%l < Ma¥|12o]| + 357 MRSl < Ma¥|120l| + 5 < M|l + 7= < 4o VkEZor (A1)

1-&a

lim sup|| % || < LSA < 400 (A18)
k—o0 1—-a
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for any given k € Zy; and some real constant +oc0 > C > sup||d;|| = sup|i;|. O
i>0 i>0

Corollary Al. Consider the difference equation:

X1 = aXyx — Ky (022k—ay, + 01%%—d,—d,); k € Zoy (A19)
subject to initial conditions xg € Rand x_; = 0fori =1,2,...,dy + dy and assume that

the limiting difference equation:
X1 = axg — K(p2Xk—g, + 01%—d,—d, ) (A20)

resulting from (A19) as {ay}_o — a and {Ki};-, — K satisfies the conditions of the
unforced Equation of system (A1) of Theorem A1 (i) and Theorem A1 (ii). Assume also that

K= K| = ol ~); lax —al = o (I1%/ ") (a21)

Then, {xy}r—q is bounded and {x;};>, — 0 for any given finite initial conditions so that
the difference Equation (A19) is globally asymptotically stable.

Proof. Equation (A19) is of the form of Equation (A1) with

up = (ax — a)xg — (Ky — K) (02Xk—a, + P1Xk—dy—a,) (A22)

and {u};>, — 0 under (A21). Thus, the proof is direct from Theorem A1 (iii). O

Corollary A2. Consider the difference Equation (A19) with xo > 0 and {ay};>, C [O 1] define

ay = 1 — ag and assume that {ax};> o — 0, Yoo gax = +ooand Ky = K — m

Vk € Zoy, with {ue}ro C [(02Xk—d, + P1Xk—d,—a,) K , +00) being subject to the subsequent
constraints:

Yo (ke — (02%k—a, + p1%%—a,—a,) K) < +00; e = 0if xp_syXk gy, = O, and py =
o((pzxk_dz + P1Xk—dy—dy) 71). Then, {xx } . is bounded and {x;};>_, — O for any given finite
nonnegative initial conditions so that the difference Equation (A19) is globally asymptotically stable.

Proof. The difference Equation (A19) is written equivalently as:

X1 = (1 — age)xp + e — K(02X—a, + 1%, —dy) (A23)

withay =1 —ay; Vk € Zo, {ag}yy — 1 since {ax} o — 0 and ag > 0, p > 0; Vk € Z,

) ) . -1 .
Yoo = +ooand Y32 o < +oo since py = 0((p2xk_d2 + 01Xk—d;—d,) ) Thus, it
follows from Venter theorem [44] that {x;};~, — 0, and the sequence boundedness follows
as a consequence of its convergence. [J

Theorem A2. Consider the difference equation:
X1 = aXx + by (A24)
with xg > 0, where the following constraints hold:

ag=14a, by=b+b; b>0; Vk € Zyy (A25)

[e0]

{3}, <0, @ o +oo), {?5]}. C [0, +o0) (A26)

G < s Vk € Zoy, Y o b < 4o (A27)

A
ay + by / xx
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Thus, the following properties hold:

(i) If xo # O then {x;};2 is unbounded. If b = 0 and the remaining above conditions hold,
then {x;}-_, is bounded.

() If xo # 0 {&}7y € [<1, 0], @] > e b > 0, {bj}jzo C [0, +o0) and

Yo b < +oo thena necessary condition for {xy}_o — 0 is E;‘(:o aj = —oco. The result
still holds if {xy}; — x(>0).

Proof. One gets recursively from (A24) and (A25) that
k — ~
X1 — X0 — (k+1)b = Zj:o (Lle]' + b]) (A28)

From the first inequality of (A27), (A24) and D’ Alembert criterion for convergence of
series on non-negative terms, one gets:

~ Ekxk Ekxk ~ kK~
Apey1 X1 < X1 < Xjy1 = GpXp = ) . a4;X; < +oo; Vk € Zg,  (A29)
k+14k+ arxy + by + Xt k+ k*k Z]—O it

so that @;x; — 0 as k — oco. Now, (A29) together with the second condition of (A27) and
(A28) leads to:
0 <xpp1—x0— (k +1)b < 4o0; Vk € Zy4 (A30)

the non-negative lower-bound in (A30) arising from the non-negativity of the right-hand-
side of the equality (A28). The relations (A30) lead to

0 < limsup(xpyq —x0 — (k+1)b) < +oo0 (A31)

k—o0

and also (A24) subject to (A26) and x( > 0 implies that {x;} -, C c/Ro; = Roy U {400}
This concludes that +o00 < lim supxy = +o0 from (A31) and b > 0, which implies that there
k—o0
exists the limit l%im X, = +oo (otherwise, lim supx; would be finite) and then the sequence
e k—c0

{xx}r— is unbounded. If b = 0 and the remaining constraints (A25)-(A27) hold then (A31)

is modified to 0 < lim sup(xx4q1 — x9) < +oo implying that xo < lim sup(xyyq) < +oo
k—o0 k—o0

which concludes that {xy };~, is bounded. Property (i) has been proved. To prove Property
(ii), note that under the alternative given conditions, if {x;};-, — 0, then one gets from

(A28), by taking into account that Y ;> by = C, < 400 and D’Alembert’s criterion for
divergence of series, that

oo = = fin (v -+ k) = Y7 (A + Bie) < oot L ek = il = oo
(A32)
and also (Y32 |ax|)supxy = +oo. Since {xi },__, is still non-negative and convergent, then
k>0

it is bounded, and 0 < supx; < +oo if Y i—oldx| = 400 and the result is easily seen to still
k>0
hold if {x}y — x(> 0). The proof of Property (ii) is complete. [

Appendix A.2 A More Detailed Expansion of the Squared Numerator of (A9)
Note that Equation (A9) is of the form:

f(y) = sup g(0,d1,d2,01,02,Y) (A33)
0€(0,2m)
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for each given quadruple (dy, d, p1,p2), where:

71(9/ dl/dzfpl’pZ)
Q,d /d 7 4 4 = (A34)
g(8,d1,d2,p01,02,) \/ d(6,01,02,y)

whose squared right-hand-side numerator 1(0, d1, dy, p1, p2) is expanded as follows:

n(Gl dl/ dZ/ 01, PZ)

= (p2(cos(0dy) — 1) + p1cos(8(d1 +4da)) — 1)2 + (p2sin(6dy) + p1sin(6(d1 + clz)))2

= 2(p3 + p3) — 2p5c0s(0dy) — 2p3cos(0(dy + dp

)+ 20102(1 — cos(0dy) — cos(6(dy + dz))) (A35)

)
+20102[sin(0dy) (sin(8dy )cos(0d ) + cos(0d,)sin(0d;)) + cos(0dy) (cos(8da)cos(0dq) — sin(0d,)sin(0dy ) )]
= 2(03(1 — cos(6dz)) + p3(1 — cos(0(dy + d2)))) + 20102(1 + cos(0dy) — cos(6dz) — cos(6(dy + dy)))

which leads to the following nested particular cases:

(a)

(b)

(©

(d)

If dy = d, then, one gets by using 1 — cos(20d,) = 2sin?0d, that:

n(6,dy,dq, p1,02) = 2<p%(1 — cos(0d2)) + 2p1(p1 +p2)sin2(9d1))

If d; = dp and p; = py then

n(6,dy,d1,p1,01) = Z(p%(l —cos(0dy)) + 4p%sin2(9d2))
Ifdy =dy =0o0rp; = pp =0then
n(erOrO/Per1> = n<9/dl/dlr0/0) =0

If & = 0 then n(0,dq,d1,p1,p1) = 0 which is not evaluated in the supremum over
(0,27) in (A.33). Note that the constraint y < 1/ f(y) to calculate K in Theorem Al
always holds since 1/ f(y) = +oo for 8 = 0, 27t since n(0,d1,d1,p1,01) = 0 so that
it has not to be accounted for in the supremum evaluation as Theorem A1 formally
establishes.

Appendix A.3 A Fast and Simple Delay-Dependent Stability Test Based on Rouché’s Theorem of
Zeros Within Open Circles Contained in the Unit Circle

Theorem A3. The following properties hold:

(i)

(ii)

Let a € (0,1) and consider a circle |z| < o of center z = 0 and of radius o € (a, a + €| for
dq+d
some real € > 0. Assume that 0 < K < % Then, the unforced difference Equation
17TP2

(A1) has all its zeros in a < |z| < 0. Asaresult,if a < 1and 0 < € < 1 — a then the
unforced difference Equation (A1) has all its zeros in a < |z| < 1 so that it is stable.

Let ¢; = c;(dy,dp) € Ry fori = 1,2, be chosen such that at < ¢; << o < ¢, (implying
that ll% —dy <dy < ll% Then, the unforced difference Equation (A1) has its zeros in

lz| < oif

7d1

e A
N G

01+ 202

Proof. One has from the first identity of (A3) that:

p'(z) = po(z) +7'(2) (A36)
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where:
Po(z) = 21z —a); (2) = (22" +p1 ) K (A37)

Consider a circle |z| < o of center z = 0 and of radius ¢ € (a, a + €] for some real
e > 0. Any point of the circumference |z| = o, i.e., the boundary of the circle |z| < 7, is
given by z = ce'® for some 0 € [0, 27) with i = \/—1 being the complex unity. It turns
out that all the zeros of p{(z), which are z = 4 and z = 0 (with multiplicity d; + d»), are in
|z| < 0. From Rouché’s theorem, all the zeros of p(z) areina < |z| < ¢ if

gditdz \/(UCOSQ — a)z + 02sin2%0 > K\/(szdlcosd19 + p1)2 + p202h sin?d46; (A38)
6 € [0,2m)

or,
o2 (di-+d2) (02 a2 ZaUCOSG) > K2 (p§ + p2o2h 4 2p1p20dlcos(d19)> ;0€[0,27) (A39)

The following cases can arise:
Case a) If d; is even then for 6 € [0,27):
2(d1+da) (o2 4 42 2 2 02 .2d; 4 2(d1+dp)
o (c*+a*) >K 967?0(?2367[) <p1 + p50°™ + 2<p1p2(7 +ao )cos(G))
_x2 (p% + o202 4 2(plngd1 + aaz(d1+d2>)> (A40)

2
= K? (Pl + p20d1> 4 20 2(d1+dy)

or, equivalently,
K<p1 + pz(rdl) < gl (g — q)

Case b) If d; is odd then for 6 € [0,2m):

2dr+da) (2 4 ;2 2 2, 2.2d di _ go2(d+dy)
o2 hth2) (g2 4 g2) >K6€77[10c?236n)(p1+p20 1+2(P1p20'1 ag?\hitdz )cos(dﬁ))

— KZ <p% + p%02d1 + 2'p1p20'd1 — a(72(d1+d2)
which is still guaranteed under the above condition which is equivalent to 0 <
ad1+d2(07a)
p1+p20"1
that if c; < o119 < g8 < ¢, then la| <1/ c‘fl < 0. Those constraints guarantee

1t (0—a)
p1-+p201

(A41)

. The proof of Property (i) is complete. To prove Property (ii), note

—d
that 0 < K < M implies that 0 < K <
P1+0262

(ii) as a direct consequence of Property (i). [

which proves Property
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